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[ Abstract] Multiparametric MRI (mpMRI) has been considered as the method of choice for prostate cancer detection,
staging, guidance for biopsy and treatment follow-up. However, effectiveness of mpMRI is usually affected by personal experience
and expertise. Computer-aided diagnosis (CAD) system shows promise for improved prostate cancer diagnosis. This article aims to
review the technique advance and effectiveness comparison of the state-of-the-art CADs for prostate cancer on mpMRI.
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