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[ Abstract | Breast cancer is highly heterogeneous at the molecular level, and molecular classification of breast cancer is very
important for treatment selection and prognosis assessment. As a non-invasive and convenient diagnostic method, ultrasound plays an
important role in breast cancer screening and diagnosis. By analyzing ultrasound image features and artificial intelligence modeling,
medical personnel are expected to achieve non-invasive and accurate diagnosis of breast cancer molecular subtypes. This article
reviewed the progress of ultrasonography in determining molecular typing of breast cancer.
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